OEFHE
:

TEXAS Real-time Online Video Detection with  géesiy

The University of T t Austi . fgéirf”"'_-j!:‘l
UniversyofToas t Aui Temporal Smoothing Transformers ‘i

Yue Zhao, Philipp Krahenbuhl
{yvzhao, philkr}@cs.utexas.edu

Goal: Streaming video recognition
» |t reasons about the action in every frame of a video.

> Previous approach: linear/quadratic w/. length
» Qur approach:

Streaming Attention
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